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Prediction STD for different transition cut windows
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TCTC prediction for typhaon 201514, frame: 001
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TCITC prediction for typhaon 201517, frame: 006
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TCTC prediction for typhaon 201520, frame: 002
Accuracy = 0.900, Loss = 0.247, Prediction std = 0.0209
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TCTC prediction for typhaon 201712, frame: 001

Accuracy = 0.947, Loss = 0.166, Prediction std = 0.018
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Previous |Previous | This work
work work
Tropical vs n/a 94.73% 97.2%
extratropical cyclone
(accuracy)
Typhoon intensity 63.92% 58% 67.50%
class
(accuracy)
Typhoon central 10.36 hPa |[8.30hPa |7.42 hPa

pressure
(mean error)
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